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Fig. 1 An outline of the proposed multiple domain

Score vector

ASR systems with statistical domain selection.
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Fig. 2 Concrete example of the proposed score vec-

tor extraction by using 1-best ASR results.
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Fig. 3 Concrete example of the proposed score vec-

tor extraction by using 2-best ASR results.
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Table 1 The detail of both training and testing

datasets.

# of # of
Subset | Database | Time[hour| utterance speaker
Train CSJ 17.0 25,298 967
JNAS 17.6 10,119 268
SLDB 15.8 12,649 1,097
Test CSJ 1.7 2,443 10
JNAS 6.6 3,707 28
SLDB 1.7 1,421 121

Table 2 A comparison of domain error rate (DER)
between the conventional ML domain selection and
the proposed method with 1-best ASR result.

Method | Multi stream| CSJ JNAS SLDB

ML domain selection -117.23 11.79 16.68
Proposed No| 0.04 2.86 0

Proposed Yes| 0.29 5.61 0
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Table 3 WER [%] for each decoder with corre-
sponding domain datasets.

CSJ
21.80

Testset
WER . [%]

JNAS
11.45

SLDB
16.22

Table 4 WER [%] for each dataset with generic
ASR system, which is trained by three domain
datasets.

Testset
WER [%]

CSJ
22.53

JNAS
13.41

SLDB
16.49

AR, “Multi stream” 13F N ENEELE L SFEL
EDO<wVTF AN —AEEOH (Yes), # (No) (Zxbii
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DREL R Bl FELE L STELERFRA 7 —
NELTHDbND LD FFERICL Y, X (1) 12k
B A=Y v IR E oMM =4 x 1073, oMM =1.0
e L7,

PERIETIZ CST R SLDB @ R A A 381D 3% <,
CSJ % SLDB |2, SLDB % CSJ I{Zf&5 7 — AN H
NooTr, ZORKELTCHT =%ty bEbEAa b
FCTH D JNAS L3RR HEHEFEFATH D70,
EEMIELILTEY, MFOREENNE DT Z
ERFETFOND, —HTREEITIVALT A MY — A%
BOFEDW T TET—4 Y MTbiz v, ftkikk
DHRES AL VRV EEZSEL, 78T —
Hty FORAALFERYRIZBNT, AT A Y —
LR T NENT-, ZOZENLEBLELS
FELEMOMHBEOBENENTHD LN D,

4.3 HERUR[CKDHLLE
4.3.1 ARVERVATLTOHIERY R

WIZZ VT RAA B FREREBRO 2D O T
A LT, RAL VBITHELIZ AT AT, &
BRAALAOT—Fy P TEFRHBLEZ L &0
BEZHERT D, Table 312& T —4% &> b&xhithd 2
RAA DT a—F—IZ L HHERY RERT, AFK
WOTRIMEIIEFEELE 91D 20 £ TLHALTIED,
3 RAAL DY WER B/ CTHH-7213 DL DT
HDH, UBEOERIZEITS WER b EiFEA%Z 13 &
T 5,

4.3.2 AAVATLTOHEERYE

Table 1 ® 5 5, CSJ, JNAS, SLDB 0%+«
MeeaTHEAL, BBETLVBLOSEET VA
FLTZNH T AT AT 2 HFER Y %% Table 4 (C
Y, BIEIC TR LTIEZ 27 BT AT AORER

201743 H



Table 5 A comparison of WER, between the con-
ventional ML domain selection and the proposed
method with 1-best ASR result.

CSJ JNAS SLDB
24.65 12.03 16.37
21.80 11.72 16.22
21.80 12.02 16.22

Multi stream
ML domain selection -
Proposed No
Proposed Yes

(Table 3) Lltigd AL, 27X My MZBWT
WER M, O ENBHFED X A7 #i8i#T 5
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Fig. 4 Average DER [%] in terms of N-best.
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